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Revisiting the Structural Validity of the Gender
Role Conflict Scale

Bonnie Moradi, David M. Tokar, Michael Schaub, I.aRac M. Jome,
and George S. Serna
University of Akron

Despite masculinity rescarchers’ widespread use of the Gender Role Conflict Scale (GRCS; I. M.
O’Neil, B. Helms, R. Gable, L. David, & L. Wrightsman, 1986), the structural validity of this
instrument has recently been called into question. The authors revisited the status of the GRCS’s
structural validity via confirmatory factor analyses of both rationally and randomly developed item
parcels as well as itern-level dala in a sample of 702 college men. Results indicated that, consistent
with previous research, O’Neil et al.’s hypothesized oblique 4-factor model did not provide a con-
ventionally good fit to the item-level data, However, as expected, superior (and conventionally good)
fits to the data resulted when both rational and random parcel-level models were tested. Considered
collectively, the results provide strong support for the structural validity of the GRCS and suggest
that it is quite appropriate for masculinity researchers to score the GRCS for O’Neil e al.’s 4 factors,

Masculine gender role conflict is theorized to be
rooted in men’s gender role socialization, particularly
men’s adherence to the masculine mystique (i.e., 4 s0-
cially constructed set of values and beliefs that de-
fines optimal masculinity) and their fear of femininity
(O’Neil, 1981). More specifically, fot men, adherence
to rigid and sexist gender roles results in masculine
gender role conflict because these restrictive roles pre-
vent men from obtaining their full human potential and
also restrict others from obtaining their full human po-
tential (O’Neil, Good, & Holmes, 1995). Thus, mas-
culine gender role conflict can be defined as “a psy-
chological state in which socialized gender roles have
negative consequences onthe [man] or others” (O’ Neil
et al., 1995, p. 160).

The construct of gender role conflict has been of
tremendous value in advancing theory and research
on the psychology of men. A plethora of empirical
research has linked gender role conflict with variables
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that are critical to the psychology of men and mas-
culinity. For example, gender role conflict has been
shown to be related to men’s overall psychological
distress (Good et al., 1995), paranoia, interpersonal
sensitivity, psychoticism, obsessive compulsivity
{Good, Robertson, Fitzgerald, Stevens, & Bartels,
1996), anxiety (Cournoyer & Mahalik, 1995; Good
& Mintz, 1990; Sharpe & Heppner, 1991), trait
anger (Blazina & Watkins, 1996), intimacy-related
variables (Fischer & Good, 1997; Good et al., 1995;-
Sharpe & Heppner, 1991; Sharpe, Heppner, & Dixon,
1995), relationship satisfaction (Sharpe et al., 1995),
alexithymia (Fischer & Good, 1997), willingness
to admit to alcohol use (Blazina & Watkins, 1996),
attitudes toward seeking professional psychological
help (Blazina & Watkins, 1996; Good, Dell, & Mintz,
1989), shyness (Bruch, Berko, & Haase, 1998}, type
of psychological defense use (Mahalik, Coumoyer,
DeFranc, Cherry, & Napolitano, 1998), sense of
entitlement (Hill & Fischer, 1998), sexual aggression
against women (Rando, Rogers, & Brittan-Powell,
1998), vocational interests and career choice (Jome
& Tokar, 1998; Tokar & Jome, 1998), and personality
traits (Tokar, Fischer, Schaub, & Moradi, in press).
Clearly, assessment of men’s gender role conflict is
important for researchers and practitioners interested
in the psychology of men and masculinity.
Masculinity researchers have most often used the
Gender Role Conflict Scale (GRCS; O’Neil, Helms,
Gabie, David, & Wrightsman, 1986) to operational-
ize and assess men’s gender role conflict. The factor
analytically derived GRCS consists of four subscales,
each of which assesses one of four interrelated but
distinct dimensions. The subscales or factors of the
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GRCS are (a) Success, Power, and Competition (SPC;
assesses the extent to which one emphasizes personal
achievement and control or authority over others); (b}
Restrictive Emotionality (RE; assesses one’s level of
discomfort with emotional self-disclosure and with
others’ emoticnal expressiveness); (c) Restrictive Af-
fectionate Behavior Between Men (RABBM; assesses
one’s level of discomfert with expressions of affection
between men); and (d) Conflicts Between Work and
Family Relations (CBWFR; assesses one’s level of
distress due to balancing the competing demands of
work or school and family life).

Since its development, “the GRCS has proven it-
self to be a heuristic and fruitful contribution to the
empirical literature on the male gender role” (Betz &
Fitzgerald, 1993, p. 360). In light of the importance
of the GRCS, some researchers have begun to assess
the psychometric properties of the instrument. Betz
and Fitzgerald recommended specifically the use of
confirmatory factor analysis (CFA) to investigate the
conceptual base of the gender role conflict model and
the structural validity of the GRCS. CFA allows one
to examine the fit of a specified model to a given data
set (i.e., model-data fit) by comparing the sample co-
variance matrix of observed variables (computed from
the input sample data) with the estimated population
covariance matrix based on the proposed model. The
degree of fit between the sample and estimated covari-
ance matrices is summarized by the value of several
fit indexes (Ullman, 1996).

Responding to this recommendation, Good et al.
{1995) conducted several CFAs (including one-, two-,
three-, four-, five-, and six-factor models) and found
that, consistent with O’Neil et al.’s (1986) initial ex-
ploratory factor analysis results, the intercorrelated
four-factor model provided the best fit 10 their data. On
the basis of these results, Good et al. (1995) concluded
that they had found “robust support for the factorial va-
lidity of the GRCS” (p. 6). In a cross validation and ex-
tension of this study, Rogers, Abbey-Hines, and Rando
(1997) asserted that fit index values for the four-factor
model obtained by Good et al. did not meet conven-
tional criteria for acceptable model—data fit. Further-
more, Ropers et al. reported that the fit index values
obtained from evaluation of the four-factor model in
an independent sample also were below convention-
ally accepted criteria for a good fit. On the basis of their
findings, Rogers ¢t al. tempered Good et al.’s conclu-
sions and suggested that their study provided tentative
support for the structural validity of the GRCS. How-
ever, given that all fit index values calculated on Good
et al.’s sample and Rogers et al’s independent sam-
ple fell short of recommended cutoffs, Rogers et al.’s
conclusion may have been premature as well.

An important methodological issue not addressed
by Good et al. (1995) or Rogers et al. {1997) is that
the value of fit indexes is influenced by indicator-per-
factor (p/f) ratios (Ding, Velicer, & Harlow, 1995;
Marsh, Hau, Balla, & Grayson, 1998; Williams &
Holahan, 1994). More specifically, several studies
have suggested that the value of goodness-of-fit in-
dexes tends to decrease as the number of indicators
per factor in a CFA increases (Anderson & Gerbing,
1984; Ding et al., 1995; Marsh et al., 1998; Williams &
Holahan, 1994). The optimal number of indicators per
factor remains debatable (Hall, Snell, & Foust, 1999);
however, scholars have recommended using a mini-
mum of three indicators per factor (e.g., Ding et al.,
1995; Hall et al., 1999). This body of research sug-
gests that previous studies’ analyses, which used all
37 GRCS items as indicators and thus invalved sub-
stantially larger p/f ratios (ranging from 6:1 [CBWEFR
subscale] to 13:1 [SPC subscale]), may have limited
the chances of obtaining acceptable model-data fits
for the GRCS. Thus, it seems that testing the structure
of the GRCS as done in previous research is less than
optimal.

Partly in response to problems posed by high
p/f ratios, some researchers have used item parceling
strategies (i.e., aggregating several items into one in-
dicator) to reduce p/f ratios when conducting CFAs,
Random parceling procedures are used to aggregate
items within the same subscale or factor at random
(with no attention to specific item content). According
to rational parceling procedures, items within the same
subscale or factor that are judged to share a secondary
construct are aggregated into a new indicator (Hall
et al., 1999).

Researchers typically construct parceis randomly;
however, Hall et al. (1999) have recommended ratio-
nal parceling procedures. In CFA, indicators of model
fit and parameter estimates are based on covariance
among indicators in the model. Tt is assumed that indi-
cators assessing the same construct (i.e., latent factor)
covary in part because of the shared influence of that
construct. However, it is possible that, within a group
of indicators that assess a particular factor or construct,
certain indicators may also covary as a result of some
secondary influence (i.e., a construct other than the fac-
tor the items are intended to assess, such as a method
factor). Because parameter estimates and indicators of
model fit are based on all shared variance, such sec-
ondary influence can contaminate model estimates. To
prevent the occurrence of such model contamination,
Hall et al. recommended rationally combining into the
same parcel items that share a secondary construct.
This procedure forces the influence of the secondary
construct into the uniqueness (i.e., error) term of the
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parcel and, in turn, models out the influence of the
secondary construct from parameter estimates and in-
dicators of model fit. Thus, Hall et al. suggested that
rational parceling strategies have the advantage of mit-
igating possible model contamination resulting from
secondary influences on indicators.

Rational parceling strategies may have some advan-
tage over random parceling strategies; however, both
strategies result in fewer indicators per factor. In turn,
both strategies serve to reduce the potential limitations
posed by large p/f ratios. Therefore, using these strate-
gies in examining the structural validity of the GRCS
seems warranted. Such an examination is especially
important because high p/f ratios may have resulted in
underestimates of the structural validity of the GRCS
in previous research (i.e., Good et al., 1995; Rogers
et al., 1997). Given the widespread use of the GRCS
and its importance to the psychology of men and mas-
culinity, reexamination of its structural validity using
lower p/f ratios has the potential to contribute substan-
tially to the emerging data on this popular instrument’s
utility.

In light of the methodological limitations discussed,
the purpose of the current study was to reexamine the
structural validity of the GRCS using both previously
reported (i.e., Good et al., 1995; Rogers et al., 1997)
procedures and procedures involving lower p/f ratios.
That is, we examined the model—data fit for the GRCS
with CFAs conducted at both the item and patcel lev-
els. Because results may vary with rational and random
parcel derivation, we tested models using both types
of parcels. On the basis of the research reviewed here,
we hypothesize that when the p/f ratio for the mea-
surement model of the GRCS is reduced (i.¢., when
parcels rather than items are used as indicators), GRCS
data will produce fit index values that meet the con-
ventionally accepted criteria for a good fit. This in-
formation would allow researchers and practitioners
to have greater confidence in the structural validity of
the GRCS.

Method
Participants and Procedure

Participants consisted of three samples of men en-
rolled in undergraduate and graduate courses at a large
public eastern—central university. These individuals
completed the GRCS, along with other instruments,
either individually or in classroom settings. Four dif-
ferent experimenters collected the data as part of three
independent studies. Participants in the first sample
(n = 300) completed the GRCS as part of a study
examining the relations between masculinity-related

variables and the five-factor model of personality
(Tokar et al., in press). The second sample (n = 240)
completed the GRCS as part of an investigation of the
relations among masculinity, vocational interests, and
traditionality of career choice (Tokar & Jome, 1998),
The third sample (n = 162) completed the GRCS as
part of a study examining the dimensions underlying
eight popular masculinity-related measures and their
relations to sociosexuality (i.¢., sexuality without com-
mitment or emotional attachment; Walker, Tokar, &
Fischer, 1999).

The three samples were combined to form the total
sample (N = 702) for the current study. Participants
ranged in age from 16 to 66 vears (M = 22.4, 5D =
5.5). In terms of ethnicity, most were White (83%);
the remainder were African American (8%), Asian
American (3%), maltiracial (2%), Latino or Hispanic
(1%), Native American or Indian (<1%), or of other
ethnicities (2%). All participants were informed of
procedures and provided written consent before taking
part. On completion of the study, they received written
debriefing materials and were given course credit for
participation.

Instrument

The GRCS (O'Neil et al.,, 1986) measures per-
sonal dimensions of gender role conflict in men stem-
ming from their fear of femininity (O'Neil, 1981). Re-
spondents indicate their level of agreement with 37
itemns using a 6-point Likert-type scale (1 = strongly
disagree, 6 = strongly agree); higher scores reflect
more gender role conflict. A sample item is “T have
difficulty telling others that I care about them.” The
GRCS is scored for the four factor analytically de-
rived subscales described earlier: SPC (13 items), RE
(101items), RABBM (8 items), and CBWFR (6 items).
O’Neil et al. reported 4-week test—retest reliabilities
ranging from .72 to .86 and internal consistency relia-
bilities ranging from .75 to .85 for the four GRCS sub-
scales. (Current internal consistency estimates for the
subscales are presented in Table 1.) Censtruci validity
is supported by significant relations in expected direc-
tions with depression (Cournoyer & Mahalik, 1995;
Good & Mintz, 1990), help-seeking attitudes (Blazina
& Watkins, 1996; Good et al., 1989), traditional male
role norms, and psychological distress (Good et al,,
1995).

Results

Means, standard deviations, internal consistency re-
liability estimates, and intercorrelations for the GRCS
subscales and total scores are presented in Table 1. We
conducted three CFAs to examine the model—data fit
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Means, Standard Deviations, Internal Consistency Refiabilities, and
Intercorrelations for the Gender Role Conflict Scale Subscales and Total Score

Subscale or score 1 2 3 4 5 M 5D o
1. Success, power, and competiton — 41 45 38 .80 51.57 1133 .86
2. Restrictive emotionality — 57 30 78 32.23 978 87
3. Restrictive affectionate behavior — 3¢ .79 29.59 873 .86
between men
4. Conflicts between work and — .58 23.55 598 .76
family relations
5. Total score — 1369 2702 92
Note. All correlations are significant at p < .001.

for the GRCS using items, rationally derived parcels,
and randomly derived parcels as indicators for the four
factors of the GRCS. Data were analyzed with LISREL
8.14 (Joreskog & Sdrbom, 1993). For each model, co-
variance matrices were computed via PRELIS 2.14
and used as input. Various guidelines exist for es-
timating minimum sample sizes for structural equa-
tion modeling (of which CFA is a subset); however,
one common recommendation is a minimum cases-
to-parameter ratio of 5:1 (Bentler, 1993). Parameter
estimates in the three models tested ranged from 36
to B0, suggesting that a sample size of 400 would be
necessary. Our sample of 702 more than adequately
met this recommendation.

The conventional chi-square statistic is easily dis-
torted by sample size (see Ullman, 1996); therefore,
values of several other fit indexes were examined, in-
cluding the goodness-of-fit index (GFI), the adjusted
GFl, the comparative fit index, the nonnormed fit
index (also known as the Tucker—Lewis index), and
the standardized root mean square residual. Values
above .90 for the first four indexes, and values below
.05 for the last index, indicate a pood model-data fit
(Ullman, 1996).

Model 1: Item-Level Model

To replicate Good et al.’s (1995) and Rogers et al.’s
(1997 CFAs of the GRCS, we first tested a model us-

ing all 37 GRCS items as indicators. The four factors
of the GRCS served as correlated latent variables, and
the items corresponding to each factor or subscale were
observed indicators. Specifically, SPC, RE, RABBM,
and CBWFR had 13, 10, 8, and 6 indicators, respec-
tively. Fit index values for this and all other models are
presented in Table 2. Results indicated a model-data
fit that, according to conventional criteria (e.g., GFI >
.90), approached but would not quite be considered
“good.”

Model 2: Rationally Derived Parcel Mode!l

A second model used rationally derived parcels
as indicators for the four intercorrelated GRCS
factors—subscales. For each factor—subscale, items
judged by Bennie Moradi and David M. Tokar to
share a secondary construct were aggregated. Minor
disagreements in item aggregation were discussed to
mutual agreement, and the following parcels were
created (GRCS item numbers and brief descriptors are
indicated in parentheses): SPC1 (14 and 32; fear of
failure), SPC2 (23, 24, and 28; competitiveness), SPC3
(21,34, and 37; dominance), SPC4 (1,5, 8,12, and 18;
success as a measure of personal worth), RE1 (13, 22,
and 30; difficulty expressing feelings during sex), RE2
(2,15, and 19; difficulty expressing feelings to others),
RE3 (6 and 25; difficulty understanding feelings), RE4
(9 and 29; discomfort with/fear of sharing feelings

Table 2
Summary of Chi-Square and Fit index Values for the Confirmatory Factor Analysis
Models Tested

Model x z df SRMR GFI AGHI CH NNFI
Item level 2,042.87 623 062 .86 84 85 .84
Rationally derived parcels 328.31 B4 049 54 9 95 .93
Randomly derived parcels 281.54 84 042 95 93 .96 .95

Note.

N = 702 for all chi-squarcs. SRMR = standardized root mean square residual; GFL =

poodness-of-fit index; AGFl = adjusted goodness-of-fit index; CFl = comparative fit index;

NNFI = nonnormed fit index.
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with others), RABBMI (16 and 35; discomfort
with other men’s affectionate behavior), RABBM2
(10 and 26; fear of expressing feelings to other men),
RABBM3 (7 and 33; discomfort with expressing
feelings to other men), RABBM4 (3 and 20, difficulty
with expressing feelings to other men), CBWFR1
(11 and 27; work or school affects family life),
CBWFR2 (4 and 17; work or school affects personal
well-being), and CBWFR3 (31 and 36; work or
school disrupts life in general).

As can be seen in Table 2, fit index values for this
model surpassed the generally accepted cut-offs for
the various indexes, demonstrating a very good model—
data fit. In addition, each indicator loaded significantly
(p < .001)and substantively on its intended factor (see
Figute 1). Specifically, SPC loadings ranged from .65
to .84, RE loadings ranged from .69 to .84, RABBM
loadings ranged from .70 to .85, and CBWFR load-
ings ranged from .60 to .85. Alsoc revealed in Figure 1
are moderate to high GRCS factor intercorrelations
(ranging from .37 to .67}.

Model 3: Randomly Derived Parcel Model

A third model used randomly derived parcels as in-
dicators of the four intercorrelated factors or subscales
of the GRCS. For this model, subsets of items within
each factor or subscale were randomly combined into
parcels. To eliminate the possibility that any differ-
ences in fit between the raticnal and random parcel
models were due to differences in p/f ratios, we cre-
ated p/f ratios for the random parcel model 10 match
those of the rational parcel model. Thus, four parcels
were generated for SPC, RE, and RABBM, and three
parcels were generated for CBWFR (item numbers are
indicated in parentheses). SPC1 (1 and 12), SPC2 (8,
32, and 34}, SPC3 (5, 21, and 37), SPC4 (14, 18, 23,
24, and 28); RE1 (13, 22, and 30), RE2 (9, 15, and
25), RE3 (6 and 19), RE4 (2 and 29); RABBMI (16
and 26), RABBM?2 (33 and 35), RABBM3 (3 and 10},
RABBM4 (7 and 20); CBWFR1 (4 and 36), CBWFR2
(17 and 31}, and CBWFR3 (11 and 27).

As can be seen in Table 2, fit index values for this
model were very similar to those for Model 2. For
both random and rational parcel models, fit index val-
ucs suggested a very good model—data fit. Further-
more, as was revealed for Model 2, each indicator
loaded significantly (p < .001) and substantively on
its intended factor, and GRCS factor intercorrelations
(ranging from .35 to .68) were moderate to high (see
Figure 1). Specifically, SPC loadings ranged from .67
to .84, RE loadings ranged from .72 to .82, RABBM
loadings ranged from .73 to .81, and CBWFR loadings
ranged from .62 to .79.

Discussion

Despite the widespread use of the GRCS and its
importance to the psychology of men and masculinity,
the structural validity of this instrument has beencalled
into question by recent research findings (Good et al.,
1995; Rogers et al., 1997). More specifically, CFAs
conducted by Good et al. and Rogers et al. yielded fit
index values indicating a less than adequate fit to the
data for the GRCS’s conventional oblique four-factor
model. However, our review of the measurement and
research methodology literature suggested that Good
et al.’s and Rogers et al.’s CFA results might have been
underestimates of the GRCS’s structural validity be-
cause these researchers performed their analyses using
relatively high p/f ratios (ranging from 6-13 indica-
tors per factor), which have been shown generally to
result in poorer model-data fits (e.g., Ding et al., 1993;
Marsh et al., 1998). In light of this methodological is-
sue, we revisited the status of the structural validity of
the GRCS by examining potential differences in the
fit 1o the data of O’Neil et al.’s (1986) hypothesized
oblique four-factor model using both rationally and
randomly developed item parcels (to reduce p/f ratios}
as well as item-level data, all within a new sample.

Consistent with Good et al. (1995) and Rogers et al.
{1997), CFA results based on item-level data indicated
that the oblique four-factor model did not provide a
conventionally good fit to the data. Although the fit
index values for the item-level analysis did not meet
conventicnal cutoffs for a good fit, they did approach
these cutoffs. For example, GFl, adjusted GFI, com-
parative fit index, and nonnormed fit index values,
which ranged from .84 to0 .86, suggested a fitapproach-
ing that which would be considered “good” according
to the conventional criterion of .90 or above. In hight
of the potential methodological limitation of using p/f
ratios that may have resulted in underestimates of fit,
the obtained fit index values for the current item-level
data (as well as those reported by Rogers ct al.} may
be considered moderately supportive of O’Neil et al.’s
model. In addition, values for fit indexes reported both
herein and by Rogers et al. {i.c., adjusted GFI, non-
normed fit index, and standardized root mean square
residual) were remarkably similar. Such consistent
model—item data fits across independent samples at-
test to the GRCS’s considerable structural stability in
samples of college student men.

As expected, superior fits to the data resulted when
parcel-level models were tested (i.e., when p/f ratios
were reduced to three or four indicators per factor).
In absolute terms, all fit index values (except the chi-
square value, which, as indicated earlier, is notoriously
sensitive to sample size) surpassed conventional good
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fit cutoffs for both the rationally and randomly de-
rived parcel models, Furthermore, in both parcel-level
models, each indicator loaded significantly and sub-
stantively (see Figure 1) on its intended GRCS factor.
Considered collectively, resuits based on parcel-level
data provide strong support for the structural valid-
ity of the GRCS and suggest that it is quite appro-
priate for masculinity researchers to score the GRCS
for O'Neil et al.’s (1986) four factors. We encourage
future masculinity researchers to consider using item
parcels when conducting CFAs with a large number of
indicators, particutarly when p/f ratios are large and
thus may jeopardize unnecessarily the likelihood of
obtaining pood modei-data fits.

Of secondary interest to our study was the finding
that rational and random parceling strategies produced
little difference in fit index values. Hall et al. (1999)
suggested that the effect of a secondary influence may
contaminate the results of a CFA. Our results suggest
that fit index values are not sensitive to such contam-
ination. Thus, although rational parceling strategies
may have resulted in a more accurate representation
of the relationships between indicators and latent con-
structs (i.e., relationships uncontaminated by the in-
fluence of secondary constructs), they did not result
in better fit index values with these data. Future mas-
culinity researchers are encouraged to conduct addi-
tional tests comparing rational and random parcels of
items from the GRCS and other masculinity-retated
measures.

In summary, despite potential limitations (e.g., aho-
mogeneous and arguably nonrepresentative sample),
our findings suggest empirical justification for scor-
ing the GRCS as specified by the instrument’s authors
(O’Neil et al., 1986), at least in college student sam-
ples. On the basis of our findings, we recommend that
future investigations of the GRCS’s structural valid-
ity include analyses using item parcels. Also, we hope
that the current results will allow future masculinity
researchers to use the GRCS more confidently in re-
search relating gender role conflict to additional vari-
ables of importance to the psychology of men and
masculinity. Additional research (including investi-
gations of the GRCS’s structural validity) targeting
underrepresented and underresearched populations of
men {e.g., African Americans, Latinos, gay men, and
bisexual men) is particularly needed.
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